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Teräsvirta, T. and H. M. Anderson (1992) Characterizing nonlinearities in
business cycles using smooth transition autoregressive models, Journal of
Applied Econometrics, 7, S119–S136. [337]

Tsay, R. S. (2005) Analysis of financial time series, John Wiley & Sons, New York,
USA, 2nd ed. [149, 330, 334]

Watson, M. W. (2003) Macroeconomic forecasting using many predictors, in
Advances in economics and econometrics, theory and applications, vol. 3, pp.
87–115, Eighth World Congress of the Econometric Society. [309]

West, M. and P. J. Harrison (1997) Bayesian forecasting and dynamic models,
Springer-Verlag, New York, USA, 2nd ed. [15, 63, 220]

Willemain, T. R., C. N. Smart, J. H. Shockor and P. A. DeSautels (1994) Fore-
casting intermittent demand in manufacturing: a comparative evaluation
of Croston’s method, International Journal of Forecasting, 10, 529–538. [292]

Williams, D. (1991) Probability with martingales, Cambridge University Press,
Cambridge. [272]

Winters, P. R. (1960) Forecasting sales by exponentially weighted moving av-
erages, Management Science, 6, 324–342. [13, 23, 54, 239]

Working, H. (1960) Note on the correlation of first differences of averages in
a random chain, Econometrica, 28, 916–918. [327, 334]

Yar, M. and C. Chatfield (1990) Prediction intervals for the Holt-Winters fore-
casting procedure, International Journal of Forecasting, 6, 127–137. [91, 98]

Yurkiewicz, J. (2006) 2006 forecasting software survey, OR/MS Today, 33(4),
40–49. [4]

Zarnowitz, V. and C. Boschan (1977) Cyclical indicators, in 57th annual report,
pp. 34–38, National Bureau of Economic Research. [336]

Zellner, A. (1962) An efficient method of estimating seemingly unrelated re-
gressions and tests for aggregation bias, Journal of the American Statistical
Association, 57, 348–368. [299]



Author index

Abraham, B., 292
Abramowitz, M., 332
Agrawal, N., 315
Akaike, H., 15, 114, 115, 220
Akram, M., 157, 161, 164, 169, 265, 268,

272
Allen, P. G., 304
Andersen, T. G., 334
Anderson, A., 36
Anderson, B. D. O., 14, 15, 222, 227, 298
Anderson, H. M., 337, 338, 344, 345
Anderson, T. W., 154, 184, 207
Ansley, C. F., 208, 222
Aoki, M., 14, 15, 220
Archibald, B. C., 24, 136, 157, 161, 164,

165, 169
Assimakopoulos, V., 23, 56
Athanasopoulos, G., 303

Bachelier, L., 327
Bell, W. R., 232
Bera, A. K., 154
Beveridge, S., 335, 337, 338, 344
Billah, B., 23, 56, 114, 115, 126
Black, F., 327
Bollerslev, T., 329, 334
Boschan, C., 336
Bowerman, B. L., 24
Bowman, K. O., 154
Box, G. E. P., 14, 44, 73, 77, 149, 153, 171,

175, 176, 223, 239
Boylan, J. E., 291, 292
Brace, C., 248
Brockwell, P. J., 45

Brown, R. G., 13, 21, 22, 49, 240, 287,
294, 313, 317

Bucy, R. S., 15
Burridge, P., 232

Caines, P., 223
Campbell, J., 339, 340
Canova, F., 335
Carbone, R., 36
Chan, K. S., 288
Charnes, A., 235
Chatfield, C., 83, 91, 92, 98
Chen, C. C., 344
Clarida, R. H., 344
Cooper, W. W., 235
Cottet, R., 248
Cox, D. R., 73
Croston, J. D., 288, 291, 292, 294

Darling, D. A., 154
Davis, R. A., 45
de Jong, P., 208, 222
de Kok, T. G., 299
de Silva, A., 297, 302, 306, 308, 309
Deistler, M., 14, 15, 158, 160, 227
DeSautels, P. A., 292
Doornik, J. A., 154
Duncan, D. B., 15
Durbin, J., 15

Engle, R. F., 248, 304, 329

Feigin, P. D., 288
Fernandes, C., 288, 289



Author index 361

Fildes, R., 36, 56
Flannery, B. P., 324
Forbes, C. S., 161, 208
Franses, P. H., 119
Friedman, M., 336

Gallant, A. R., 76
Gardner, E. S., Jr, 13, 20, 23, 300
Gentleman, W. M., 215
Genton, M. G., 315
Geweke, J. F., 115
Ghosh, S. K., 315
Gijbels, I., 232
Gilchrist, W. G., 289
Golub, G. H., 194, 213, 215
Gould, P., 237, 288
Granger, C. W. J., 223, 248, 304, 305
Graves, S. C., 98, 313, 322
Grose, S., 17, 20, 23, 31, 36, 81, 86, 122,

266, 271
Grunwald, G. K., 290

Hamilton, J. D., 76, 78, 337
Hamza, K., 290
Hannan, E. J., 14, 15, 114, 115, 158, 160,

227
Hansen, H., 154
Harrison, P. J., 15, 63, 91, 98, 220, 223,

313
Harvey, A. C., 15, 145, 152, 153, 155,

184, 205, 219, 220, 222, 231, 232, 239,
288, 289, 297, 299, 305, 334, 335

Havenner, A., 15
Heinen, A., 288
Heligman, L., 335
Hendry, D. F., 304
Hibon, M., 34, 36, 113, 116, 117, 119, 254
Hillmer, S. C., 232
Holt, C. C., 13, 22, 23, 52
Horn, S. D., 15
Hull, J., 328
Hurvich, C. M., 115
Hyndman, R. J., 3, 17, 19, 20, 23, 24, 31,

33, 34, 36, 56, 80, 81, 83, 85, 86, 98,
114–116, 122, 126, 157, 161, 164, 169,
237, 265, 266, 268, 271, 272, 290, 292,
297, 299, 302, 306, 308, 309

Jarque, C. M., 154

Jazwinski, A. H., 15
Jenkins, G. M., 14, 44, 77, 149, 171, 175,

176, 223, 239
Johansen, S., 304
Johnston, F. R., 91, 98, 291, 313
Jung, R. C., 288

Kalman, R. E., 15, 187
Kendall, M. G., 327
Kim, C. J., 345
King, R. G., 346
Koehler, A. B., 15, 17, 20, 23, 24, 31, 33,

34, 36, 81, 85, 86, 88, 92, 98, 114–116,
122, 126, 136, 237, 248, 266, 271, 313

Kohn, R., 208, 222
Koning, A. J., 119
Koopman, S. J., 15, 231
Kukuk, M., 288

Lawton, R., 161
Ledolter, J., 288, 292
Leeds, M., 223, 229
Lewandowski, R., 36
Liesenfeld, R., 288
Lilliefors, H. W., 154
Ljung, G. M., 153
Low, C. N., 337, 338, 344, 345
Lütkepohl, H., 297, 309

Makridakis, S., 19, 24, 34, 36, 80, 86, 113,
116, 117, 254

Mankiw, N. G., 339, 340
Martin, G. M., 288
Mayne, D., 223
McClain, J. O., 162
McKenzie, E., 23, 133, 231, 300
Meddahi, N., 334
Meese, R. A., 115
Merton, R. C., 327
Miller, M., 337
Moore, J. B., 14, 15, 222, 227, 298
Morgan, F., 105
Morley, J. C., 337, 340, 343
Morzuch, B. J., 304
Muth, J. F., 14

Nahmias, S., 315
Nelson, C. R., 335, 337, 338, 340, 343,

344



362 Author index

Nelson, D. B., 330
Newbold, P., 223, 305, 337, 344
Newton, J., 36
Nikolopoulos, K., 23, 56

O’Connell, R. T., 24
Ord, J. K., 15, 17, 24, 85, 86, 88, 92, 98,

156, 237, 248, 265, 268, 273, 276, 277,
287, 313

Ouwehand, P., 299

Paige, C. C., 187
Park, J. W., 315
Parzen, E., 36
Pearlman, J. G., 182
Pegels, C. C., 20
Peterson, R., 313
Plosser, C. I., 335, 346
Pollard, J. H., 335
Pope, A., 232
Potter, S., 337
Press, W. H., 324
Proietti, T., 232, 339
Pyke, D. F., 313

Quinn, B., 114, 115

Ramanathan, R., 248
Rebelo, S., 346
Reinsel, G. C., 14, 44, 77, 149, 175, 176,

223, 239
Roberts, S. A., 133, 169
Robinson, P. M., 315
Ruiz, E., 334

Saunders, M. A., 187
Scholes, M., 327
Schott, J. R., 94
Schwarz, G., 114, 115
Schweppe, F., 192, 221
Shenstone, L., 292
Shenton, L. R., 154
Shephard, N., 334
Shibata, R., 115
Shiryaev, A. N., 272
Shockor, J. H., 292
Silver, E. A., 313
Silverman, B. W., 87
Sims, C. A., 303
Smart, C. N., 292
Smith, M., 248
Smith, S. A., 315

Snyder, R. D., 15, 17, 20, 23, 24, 31, 36,
81, 85, 86, 88, 92, 98, 122, 161, 208,
237, 248, 266, 271, 288, 292, 297, 302,
306, 308, 309, 313, 319, 337, 338, 344,
345

Solow, R. M., 336
Stegun, I. A., 332
Stekler, H. O., 119
Stevens, C. F., 15
Stirling, W. D., 194, 215
Stock, J. H., 336, 340
Stuart, A., 268, 273, 276, 277, 287
Sugiura, N., 114, 115
Sweet, A. L., 161
Syntetos, A. A., 291, 292

Taylor, J. W., 20, 72, 239, 240, 255
Taylor, M. P., 344
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223–228, 230, 231, 234, 245,
261–263, 300, 304–305

regime switching, 337, 344, 345
regression diagnostics, 152–155
regressor variables, 145–156
reorder level, 319, 321, 322
residual checks, 153–156
RMSE, 251



368 Subject index

root mean squared error, see RMSE

safety stock, 319, 322–324
sales data, 314–318
scaled errors, 34, 126, 306,

see also MASE
Schwarz BIC, see BIC
seasonal adjustment, 19, 131, 139, 140,

232, 233
seasonal levels model, 57, 73, 233
seasonal models/methods,

see also double seasonal method,
see also Holt-Winters’ method,
see also multiple seasonality,
see also normalization

fixed seasonality, 73
parsimonious, 57, 73, 243, 245, 250,

256
seasonality, 18
seemingly unrelated models, 299
simple exponential smoothing, 14,

20–22, 49, 98, 101, 117, 176, 177,
232, 270, 273, 289, 291, 315, 317,
see also local level model

single exponential smoothing, 21
single source of error, see innovations

state space models
sMAPE, 34
smooth transition autoregressive

models, 337
smoothing time series, 204–205,

231–233
software, 3
SSOE state space models, see

innovations state space models
stability, 45, 50, 53, 55–57, 59, 63, 65, 67,

68, 74, 79, 160–163, 169, 170, 176,
180

standardized variance, 192, 194, 195,
198, 199, 201, 205, 216

STAR models, 337
start-up assumptions, see finite start-up

assumption, see infinite start-up
assumption

state equation, see transition equation
state space models, 14–15, 25–31,

see also
innovations state space models,
see also MSOE state space models

state vector, 14, 41, 42, 61, 62
stationarity, 45, 46, 55, 172–176, 179,

180, 189–192, 206, 222, 288, 329
stochastic lead-times, 89, 101–102
stochastic trend, 339
stochastic volatility, 334
structural models, 15, 219, 297, 305–306
sum of squared errors, 77, 192, 193, 200,

247,
see also
discounted sum of squared errors

symmetric mean absolute percentage
error, see sMAPE

tests of Gaussianity, 154, 155
Theta method, 23, 56
threshold autoregressive models, 337
time series decomposition, 17, 19, 335
time series patterns, 11, 12
time series regression, 145–156
transition equation, 14, 42, 218, 298
transition matrix, 42, 45
transitory component, 336, 338, 339,

342–344
trend, 18, 335, 336, 339
triangular stochastic equations, 193,

194, 209–216
truncated Gaussian distribution, 266

uncertainty
sources of, 83

unstable sample paths, 267

VAL method, see prediction validation
VAR models, 297, 303, 304, 306–309
VARIMA models, 297, 303–306, 310
vector error-correction model, 304
vector exponential smoothing, 297–310
volatility, 328, 334

website, 3
weekly data, 57, 79, 81, 147–149,

282–284
Wiener processes, 328–330
Wiener-Kolmogorov filter, 232
Winters’ method, see Holt-Winters’

method
Wold decomposition, 45, 46, 173, 223,

338


